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Abstract. This paper introduces a web-based platform dedicated to the
annotation of sentiment-related phenomena in human-agent conversations. The platform focuses on verbal content and deliberately sets aside
non-verbal features. It is designed for managing two dialogue features:
adjacency pair and conversation progression. Two annotation tasks are
considered: (i) the detection of sentiment expressions, (ii) the ranking
of user’s preferences. These two tasks focus on a set of specific targets.
With this demonstration, we aim to introduce this platform to a large
scientific audience and to get feedback for future improvements. Our
long-term goal is to make the platform available as open-source tool.
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Introduction

In the research field of embodied conversational agents, the detection of sentimentrelated phenomena is a challenging task contributing to the improvement of
human-agent interactions. Verbal content is more and more integrated [4]. Developing a detection system of verbal expressions of sentiments in human-agent
conversations requires annotated corpora. Such corpora are rare and managing
annotation campaigns appears as the first step in the development of a detection
system. In order to make easier the implementation of datasets, we have created
a web-based platform focusing on the verbal expression of sentiment and suited
to transcriptions of human-agent conversations.
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A Platform Focusing on Verbal Content and
Conversational Structure

Focus on Verbal Content. Our annotation platform deals with verbal content,
without non-verbal context. The annotator has only access to manually transcribed conversations. In this way, we aim to get information about the verbal
form of the sentiment-related phenomena, for helping the design and evaluation
of algorithms grounded on either machine learning or rule-based models.

Dealing with Conversational Structure. To the best of our knowledge, the sentiment analysis research does not provide annotation sets in human-agent conversation context. The existing annotation tools are mostly designed for nonconversational texts and do not deal with the specific features of conversation
(see [6] and [7]). In order to fill this gap, we give attention to two important dialogue features: adjacency pairs and conversation progression. First, adjacency
pairs are defined as the minimal annotation context (see Area 2 in Figure 1). Second, the annotator has the previous speech turns and their annotation (see Area
1 in Figure 1). She/he can keep in mind past information of the conversation
progress while annotating a specific adjacency pair.
Simplifying the Annotation Task. Annotating sentiment-related phenomena is a
challenging task. It depends on the personal subjectivity and interpretation of
verbal content. This platform provides a frame which guides the annotator and
simplifies the annotation process. No span of text or complex semantic features
have to be defined: each adjacency pair is displayed with questionnaires asking
information about sentiment expressions.
A Generic Framework. The framework relies on standard web technologies
(PHP, HTML, JAVASCRIPT) and can deal with various dyadic human-agent
conversation corpora. For using our annotation platform, a simple pre-processing
of the data is needed to: (i) uniquely identify conversations (via a unqiue ID),
(ii) turn each conversation into a sequence of adjacency pairs (first, the agent’s
speech turn, then the user’s speech turn), (iii) in the transcription, no paralinguistic annotations are allowed, (iv) a specific set of targets must be defined (the
targets can be either artefacts or animated entities).
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Annotating User’s Sentiments and Preferences

Fig. 1. Platform Overview

The platform deals with two different annotation tasks which are both key
tasks in the research field of virtual agent (see [1] and [3]): (i) the detection of
sentiments related-phenomena toward specific objects; (ii) the ranking of user’s
preferences. As we consider that it is too difficult for a single annotator to concurrently decide which object is the target of a sentiment and which one is the
most liked, the two tasks are strictly independent from each other and are assigned to different annotators. For each task1 , the framework is divided in two
parts: first, the current annotation task which concerns a specific pair (Area 2
and 3 in Fig. 1); second, the history (Area 1 in Fig. 1) which comprises all the
previous pairs and the related annotations.
Task 1. At each adjacency pair, the annotator has to detect an expression of
sentiment targeting specific objects by filling in a questionnaire, split in two questions. The first question (see Figure 2) concerns presence of positive sentimentrelated phenomena, the second, the presence of negative sentiment-related phenomena.

Fig. 2. First questionnaire of Task 1

The user’s sentiments related phenomena toward an object may change during the conversation. As the task is to find expressions of sentiment within a
specific pair, the annotator can check a positive expression of sentiment toward
an object even if a negative sentiment toward the same object was previously
noted. In this way, we will be able to analyse user’s sentiments along the conversation.
Task 2. For ranking preferences, each object needs to be scored. The score depends on the number of objects comprised in the set. In the demonstration, we
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perso.telecom-paristech.fr/ langlet/annotationNegociation/task1, the task 2 at
perso.telecom-paristech.fr/ langlet/annotationNegociation/task2

use a score from 1 to 3 because the annotator has to rank preferences toward
three different objects. Each score indicates the position of the object in the
scale of the user’s preferences. For example, when the user verbally expresses a
preference for a painting over records and lamps, the annotator can attribute to
the painting the score 3 and to the lamps and the records, the score 1. Similarily
to Task 1, user’s preferences may change during the conversation. As an annotation is asked for each pair, the annotator will be able to make modifications,
that could be appropriate, to any score. In this way, we can follow the evolution
of user’s preferences throughout the conversation.
Demonstration Outline. The demonstration will be an opportunity to test the
platform with native English speakers and non-expert annotators. The visitors
will be invited to annotate few adjacency pairs of a human-agent corpus [2].
In this corpus, the user and the virtual agent are negotiating over six valuable
objects. “They are told that their task is to decide how to divide up these six
items with another participant” [5]. Finally, by presenting the platform to an
international and experienced audience, we aim to get feedback about usability
and genericity of the platform.
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